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Abstract: A substantial amount of research has been conducted examining inequality in South
Africa using multiple data sources. We provide an overview of this research in this paper.
Furthermore, we use nationally representative survey data to estimate income and consumption
inequality in South Africa between 1993 and 2017, and we discuss the comparability of income
and consumption measures across surveys. We compare our estimates of inequality to those in the
World Income Inequality Database (WIID), which provides adjusted inequality estimates to ensure
consistency across time and countries. Despite these adjustments, there are some large fluctuations
in income inequality estimates from the WIID, which canbe partly attributed to data comparability
problems. The overall trend in post-apartheid South Africa indicates an increase in income and
wealth inequality. However, estimates of inequality levels over time are influenced in part by
methodological changes implemented across multiple surveys over time, making definitive
conclusions about inequality levels and trends difficult.
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1 Introduction

Analysing inequality trends over time using survey data is a difficult task, since micro-level sutvey
datasets that have detailed income and consumption modules are not readily available overlong
time frames, particularly in developing countries. Additionally, most existing surveys are not
comparable due to changes in data collection methods. Overthe years, there have been substantial
improvements in the methodology used to capture income and expenditure in household surveys
in South Africa. While these changes reflect the country’s evolving statistical advances, they impact
on the comparability of income and consumption estimates over time.

Several efforts have been made to create comparable inequality estimates that may be used to
examine patterns in inequality over time and across nations. The World Income Inequality
Database (WIID) is the most comprehensive compilation of income inequality statistics in the
world. In recent years, UNU-WIDER has produced a WIID Companion (UNU-WIDER 2021),
which provides inequality estimates for each country as well as estimates of global inequality levels
over time, in addition to the WIID dataset. The WIID Companion provides adjusted inequality
estimates to make the measure of inequality comparable across time and between countries
(Gradin 2021b). In the context of South Africa, the WIID Companion series is useful for
generating estimates of inequality dating back to the early 1960s, when representative household
surveys were unavailable. Since additional survey data became accessible in the early 1990s,
extensive research has been conducted which analyses the patterns and dynamics of inequality in
post-apartheid South Africa.

In this paper, we provide an overview of the existing narrative on South African income inequality
trends. We also provide income inequality estimates for South Africa between1993 and 2017 using
household survey data. Then, we compare our inequality estimates to those in the WIID
Companion for South Africa, evaluatinghow well the WIID Companion’s adjusted inequality data
convey the same narrative as the original reported inequality estimates and the reality on the
ground. We recognize the trade-off between having perfectly comparable data and being able to
say something about inequality trends over time and compare across countries. Therefore, the
main goal of our study is to provide context and highlight key methodological issues that may
affect the comparability of inequality estimates in South Africa. Although some estimates of
inequality have been available since the 1960s, our estimates of inequality and discussion of survey
methodology are based primarily on surveys conducted after 1993, when nationally representative
household surveys became more available.

2 An overview of the levels and trends of income and wealth inequality in South Africa

There is a substantial body of research that examines inequality in South Africa. In this section, we
provide a brief overview of the main dimensions and narratives of inequality in the country.
Previous work provides more detailed discussions (e.g., Bhorat et al. 2020a; Leibbrandt et al. 2009;
Leibbrandt et al. 2018; Stats SA 2019).

2.1 Contemporary income and wealth inequality

There is consensus that contemporary South Africa has a very high level of income and wealth
inequality. Accordingtoa recent World Bank assessment, South Africa is the most unequal countty
in the world, ranking first out of 164 countries; this based on the Gini coefficient of consumption



(or income) per capita (World Bank 2022: 12). This holds true if we look at income and wealth
share data from the World Inequality Database (WID). To put this in perspective, the top 10 per
cent income share in 2021 for South Africa was 65 per cent, while the estimate ranged from 31
per centin France to 46 per cent in the United States (Figure 1). At the time, the bottom 50 per
cent income share was only 6 per cent in South Africa, while it was estimated to be 23 per cent in
France and 14 per cent in the United States and China. Similarly, in South Africa, the top 10 per
centreceived 86 per cent of net personal wealth, while the bottom 50 per cent had negative average
wealth.

Figure 1: Top 10 per centand bottom 50 per centincome and wealth shares
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Source: authors' illustration based on data from WID (2022).
2.2 Trends in income and wealth inequality

Prior to the early 1990s, nationwide analysis of the levels and trends of income and wealth
inequality in South Africa was limited due to a lack of appropriate and representative survey data.
Appendix A lists the data sources used for analysing inequality and poverty in South Africa. Most
research that examined income inequality used population censuses and specialized surveys.
(Ardington et al. 2006; Lachman and Bercuson 1992; Leibbrandt et al. 2006; McGrath 1984;
Simkins 2004; Treiman et al. 1996; Whiteford and Seventer 2000). Others utilized income tax
return data to study the long-run distribution of top incomes (see Alvaredo and Atkinson 2022).
According to the evidence from these studies, income inequality in South Africa was high by
international standards before and during the early 1990s, with the Gini coefficient ranging
between 0.68 and 0.73. For example, Whiteford and van Seventer (2000) use census data to show
that the national Gini coefficient for income remained stable between 1975 and 1991 (i.e., 0.68)
then increased slightly to 0.69 in 1996. According to the WIID Companion series (see Figure 10),
the Gini coefficient for income inequality ranged between 0.72 and 0.76 in the 1960s and early
1970s, then fell to 0.68in 1975 and continued to fall until the late 1980s. Thus, the overall evidence



suggests that income inequality remained stable or even declined between the 1960s and the late
1980s.

With the increased availability of representative household surveys after 1994, income inequality
analyses proliferated (see Hundenborn etal. 2018; Leibbrandt et al. 2006; Leibbrandt et al. 2012;
Seekings et al. 2004; Simkins 2005; Van der Berg et al. 2011). According to the evidence from this
literature, income inequality increased over the 1990s and early 2000s. Seekings et al. (2004), for
example, use the Income and Expenditure Survey (IES) and show an increase in the Gini
coefficient for income inequality from 0.65 to 0.70 between 1995 and 2000. According to
Leibbrandt et al. (20006), the income Gini coefficient increased from 0.68 in 1996 to 0.73 in 2001,
based on the 1996 and 2001 censuses. Using the National Income Dynamics Study (NIDS) dataset,
Leibbrandt et al. (2012) also show that the income Gini coefficient increased from 0.66 in 1993 to
0.701n 2008. Overall, while there is agreement on the rising trend of income inequality during the
1990s and early 2000s, there are differences in the level of the Gini estimates across the different
studies, which may be attributable to data comparability issues (see Appendix A).

More recent studies using survey data suggest that income inequality has remained stable or even
declined since 2008 (Checchi et al. 2018; Hundenborn et al. 2018; Stats SA 2019). For example,
Hundenborn et al. (2018) report that the income Gini coefficient rose from 0.68 in 1993 to 0.69
in 2008 before decreasing to 0.66 in 2014.

In this paper, we estimate income and consumption inequality using household surveys. According
to our estimates of income inequality based on various household surveys from 1993 onwards,
income inequality increasedin the early 1990s and 2000s then remained stable or even fell in recent
years (more on this later). However, evidence from research combining tax and survey data
suggests that income and wealth inequality in South Africa continued to rise after 2008 because of
dynamics at the top end of the income and wealth distribution (Alvaredo and Atkinson 2022;
Assouad et al. 2018; Bassier and Woolard 2021; Chatterjee et al. 2022). Given that household
surveys under-report the income of high-income earners, recent research has increasingly used a
combination of tax data and survey data to analyse top income shares.

According to Bassier and Woolard (2021), the share of top 1 per cent real income in South Africa
nearly doubled between 2003 and 2016. Similarly, data from WID show that the share of income
going to the top 10 per cent increased from 47.31 per cent in 1994 to 60.1 per cent in 2008 and
65.4 per cent in 2017, while the share going to the bottom 50 per cent fell from 13.2 per cent in
1994 to 8.7 per cent in 2008 and 5.8 per centin 2017 (Figure 2). Similatly, the top 10 per cent’s
share of wealth increased from 86 per centin 1995 to 91 per cent in 2008 before declining slightly,
while the share of the top 1 per cent’s wealth increased from 47.4 per centin 1995 to 50.1 per cent
in 2008 and 55.5 per cent in 2017. On the other hand, the poorest 50 per cent had a negative
average net worth during the same time period. Thus, the evolution of income and wealth shares
suggests rising income and wealth inequality in post-apartheid South Africa.



Figure 2: Evolution of income and net personal wealth
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Source: authors’ illustration based on data from WID (2022).

Income share estimates prior to 1994 demonstrate that income shares remained stable with few
fluctuations, implying that income inequality remained stable between 1980 and 1990 (Figure 2).
Overall, what can be concluded from the existing body of inequality research is that income
inequality, as measured by the Gini coefficient and income shares, increased in the early 1990s and
2000s then remained stable or perhaps increased thereafter.

2.3 Non-income dimensions of inequality

In contrast to income and wealth disparities, inequalities in access to basic services have been
declining since apartheid’s demise (Bhorat and Van der Westhuizen 2013; Wittenberg and
Leibbrandt 2017; Shifa and Leibbrandt 2022). Forinstance, Wittenbergand Leibbrandt (2017) find
that the Gini index for asset inequality fell from 0.47 to 0.29 between 1993 and 2008." Similady,
Shifa and Leibbrandt (2022) show that inequalities in education levels and access to basic services
significantly declined between 1998 and 2016. The decline in asset and basic services inequality is
consistent with the large expansion in the provision of access to basic services and increases in
ownership of household durables over time (Figure 3).

! Wittenberg and Leibbrandt (2017) used asset indices constructed using access to basic setvices such as water and
electricity and ownership of household assets such as TV, radio, fridge, car, and livestock.
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Figure 3: Distribution of access to basic services
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Source: authors' illustration based on data from Stats SA (2019).

3 Key drivers of income inequality

3.1 Structural factors

Understanding the fundamental causes of inequality in South Africa necessitates a look at the
country’s history (see Bhorat et al. 2020a; Feinstein 2005; Wilson 2011). Since the 1960s, the
appropriation of land, water, and minerals by a few led to the accumulation of wealth and power
by a few individuals and groups, the majority of whom were white (Wilson 2011). This was
worsened by discriminatory labour and education policies that prevented the majority of non-
whites from obtaining quality education and skills. This institutionalized discrimination resulted in
a high level of racial income and wealth inequality. Although long-run examination of income and
wealth inequalities in South Africa is sparse, recent evidence suggests that in the early 1900s, racial
income inequality in South Africa was very high compared with other similar settler colonies
(Alvaredoand Atkinson2022). Accordingto Alvaredo and Atkinson (2022),in1956,98.4 percent
of the top 5 per cent income earners were white, while Africans accounted for only 0.05 per cent.
Over the next three decades, the estimate for whites fell to 90.6 per cent in 1987, while it increased
to 2.5 per cent for Africans.

Beginning in the 1960s, changes in the political, social, and economic landscapes were related to
shifting income inequality dynamics in South Africa. The South African economy enjoyed high



and sustained economic growth and manufacturing-led structural transformation up until the early
1970s, with both manufacturing value added and employment shares increasing (see Bhorat et al.
2020a; Lachman and Bercuson 1992). While such development first benefited highly skilled white
workers, with African/white income dispatrities increasing in the 1960s, the continued demand for
labour increased the employment of Africans, reducing the racial income gaps in the early 1970s
(see Bhorat et al. 2020a; Lachman and Bercuson 1992; Leibbrandt et al. 2009). However, the
decline in the GDP growth rate and increased political instability which started in the mid-1970s
were accompanied by a rise in unemployment and de-industrialization. According to Lachman and
Bercuson (1992: 3), formal sector unemployment increased from 25 per cent in 1974 to over 42
per cent by 1989. Such developments were associated with a slowing of progress in reducing racial
income inequality that started in the 1980s.

3.2 Racial inequality

Since the 1970s, the role of racial disparities in explainingincome inequalities has been diminishing
(Leibbrandt et al. 20006). For example, the contribution of inter-racial inequality in explaining
overall income inequality decreased from 55 per centin 1993 to 28.3 per centin 2017 (see Figure
4). This is primarily due to an increase in within-race income disparities, particularly among
Africans. In 1993, the average per capita income for whites was ten times that of Africans, but by
2017 this had dropped to six times. According to Chatterjee et al. (2021: 34), the average factor
income for whites was seven times that of Africans in the early 1990s but since fell to four in
2015.? However, when all Afficans in the top 10 per cent of the income distribution are excluded
from the analysis, the white—African income ratio appears to have risen significantly, from 10.5 in
the early 1990s to 11.5 in 2019. This indicates that racial inequalities in South Africa have
decreased, but that this decrease is primarily due to the emergence of a new African elite, who
have taken an increasing share of the top 10 per cent of the income distribution.

Figure 4: Contribution of within-race and between-race inequalities
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Source: authors’ illustration based on own estimates from NIDS and PSLSD.

Although race is often associated with factors such as education, it remains a significant factorin
itselfin explaining income inequality even after controlling for such factors (Gradin 2013). Recent
evidence shows that racial inequalities account for around 41 per cent of overall consumption

* Chatterjee et al. (2021) used survey, tax, and national accounts data.



inequality in South Africa, while education and labour market contribute about 29.9 per cent and
16.2 per cent respectively (World Bank 2022).

3.3 Labour market

Labour income is the primary source of income for the majority of South African households, and
decomposition of income inequality by income sources shows that labour income is the primary
contributor to overall income inequality (Leibbrandt, Finn et al. 2010), accounting for around 70
per cent of total income inequality in 2018 (World Bank 2022). As a result, evidence indicating
persistently high and possibly increasing wage inequality in post-apartheid South Africa is
consistent with evidence indicating persistently high and possibly increasing wage inequality over
this period (Finn and Leibbrandt 2018; Finn et al. 2017; Kerr 2021; Leibbrandt et al. 2012;
Wittenberg 2017). However, due to data comparability issues, the estimates of earnings inequality
vary widely across data sources, with the Gini coefficient ranging from 0.5 to 0.7 (Kerr 2021).

Overall, the evidence suggests that wage inequality has remained persistently high and shows no
signs of decline (see Kerr 2021). Gender and racial unemployment and wage disparities are
particularly high, with women and Africans havingrelatively higherunemployment rates and being
segregated in lower-paying jobs (see Gradin 2019, 2021a; Mosomi 2019; Ranchhod and Daniels
2021).

Several factors have been proposed to explain the continued high level of inequality in labour
market outcomes, including sectoral composition shift, skills-biased technical change, labour
market practices, and regulations (see Banertjee et al. 2008; Finn and Leibbrandt 2018; Bhorat et
al. 2020b). For instance, the shift in sectoral composition from agriculture and mining to finance
and services increased demand for more highly skilled labour. This shift in the labour market has
been linked to an increase in the real wages of high-skilled workers and a fall in the wages of low-
skilled workers between 1995 and 2005 (Banerjee et al. 2008). Finn and Leibbrandt (2018) show
that returns to tertiary education is the main driver of earnings inequality in recent years through
increasing the incomes of top income earners.

With the mounting challenge of creating more jobs in the formal sector, South Africa’s labour
market is characterized by an increasing demand for skilled labour while unskilled labour is
experiencing significant unemployment. According to the broad definition, South Africa’s
unemployment rate was close to 30 per cent in 1994, with estimates ranging between 30 and 35
per cent between 2009 and 2017 (Heintz and Naidoo 2021). Despite widespread unemployment,
the informal sector in South Africa has not been large enough to absorb growing labour force
participation (Kingdonand Knight 2004; Rogan and Skinner 2018). Although thereis debate about
the definition and size of the informal sector, some estimates indicate that the share of the informal
sector employment ranges between 16 per cent and 18 per cent between 2008 and 2014 (Rogan
and Skinner 2018).

3.4 Spatial inequality

Because of the legacy of spatial injustice before and during the apartheid era, inequalities inincome
and other wellbeing outcomes in South Africa continue to have a strong spatial dimension. In
particular, poverty and deprivationare concentrated mostly in areas formerly known as Bantustans
or homelands areas. Homelands areas were created by the apartheid government following the
Group Areas Act of 1950, which made residential segregation mandatory, and Africans were
forcibly relocated to largely rural areas or townships within urban centres far from jobs. As a result
of this policy, racial inequalities in employment access and commuting costs remain significant
(Kerr 2017; Shilpi et al. 2018). With limited economic opportunities, segregated areas became



characterized by relatively high levels of poverty and deprivation. Accordingto David et al. (2018),
the rate of income poverty in the richest nine municipalities is less than 35 per cent, while that of
the poorest 12 municipalities ranges between 83 per cent and 87 per cent. The poorest
municipalities are located largely in homelands areas (Figure 5). Similarly, spatial inequalities are
observed in access to basic services (see Shifa et al. 2021; Stats SA 2019).

Figure 5: Spatial distribution of income poverty (2011)
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Source: reproduced with permission from David et al. (2018).

Overall, inequality in South Africa is rooted in the country’s history, and political, social, and
economic institutional factors have created multiple and intersecting dimensions of inequity. The
various labour and social policies enacted to redress historical inequities helped to reduce income
poverty and expanded access to basic services. Taxation and cash transfers are found to be
progressive, contributing to poverty and inequality reduction (Chatterjee et al. 2021; Goldman et
al. 2020; Maboshe and Woolard 2018). However, income and wealthinequality remain persistently
high because the level of redistribution is unable to significantly reduce income and wealth
disparities in post-apartheid South Africa (Chatterjee et al. 2021). Inherited factors like race,
parental education, andlocation continue to drive income inequality and intergenerational mobility
(Finn et al. 2017; Piraino 2015).



4 Trends in income inequality: Evidence from survey data

In this section, we compare income and expenditure inequality estimates that we calculate based
on the publicly available datasets since 1993. For this purpose, we use data from the IES, LCS
(Living Conditions Survey), PSLSD, and NIDS, which collect detailed information on both
income and consumption data and are thus better for analysing inequality and poverty than other
datasets which collect income data.” We make no adjustments to the income and expenditure
variables provided in these datasets.

We then compare the inequality estimates we calculate with those reported in the WIID
Companion. WIID provides inequality estimates for South Africa from the 1960s until 2017,
spanning 23 survey years. The WIID Companion included in recent versions of WIID is useful
for analysing changes in income distribution within nations, between countries, and globally. This
paper’s discussion is based on the recent version of WIID (May 2021) obtained from the UNU-
WIDER website (UNU-WIDER 2021). WIID also reports consumption inequality measures in
addition to income inequality estimates.

Both income and consumption inequality estimates are provided using different equivalent scale
adjustments, resulting in more than one inequality estimate per year. Tables Al and A2 in
Appendix A provide the list of data sources used in WIID as well as other data sources available
for inequality analysis in South Africa. In Appendix A, we also provide some discussion of the
comparability of surveys used to estimate inequality in South Africa. Previous research has also
examined the comparability of existing survey measures in South Africa (see Ardington etal. 20006;
Kerr 2021; Van der Berg 2011; Van der Berg et al. 2008; Yu 2016, 2017).

4.1 The evolution of income shares (1993-2017)

Both income and consumption metrics have been used to examine income inequality in South
Africa. The income concept in the IESs and LCSs refers to annual gross (pre-tax) income,
including all benefits such as social grants, and imputed rental income from owner-occupied
housing. In the case of PSLSD and NIDS, the income variable reflects regular monthly income,
net of taxes, as well as imputed rental income from owner-occupied housing (Brophy et al. 2018).
We calculate per capita values by dividing total household income and expenditure values by total
household size.

Figures B1-B6 in Appendix B depict the distributions of per capita income and expenditure based
on the IES, LCS, PSLSD, and NIDS datasets.* Overall, the income and expenditure distributions
based on the IESs and the LCSs are similar throughout all survey years. The closeness in the
distribution of income and expenditure data in the early IESs (1995 and 2000) may be attributable
in part to the imputation process employed for missing and undeclared income and expenditure
numbers (Appendix A). Given the imputation processes used before the 2005 IES, discussing
income and consumption metrics as a different concept may make little sense.

Figure 6 shows the evolution of top and bottom income shares based on the two datasets.
According to the IES and LCS, the share of income going to the bottom 50 per cent fell from 9.4
per centin 1995 to 7.4 per cent in 2000, then remained stable before increasing slightly to 8.2 per

’ The houschold surveys used in this paper are available from DataFirst: www.datafirst.uct.ac.za (accessed 29 April
2022).

*We use CPI data from Stats SA (2019) to adjust for prices: www.statssa.gov.za/publications/P0141/CPIHistory.pdf.
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cent in 2015. Similarly, the income shares of the middle 40 per cent fell between 1995 and 2005,
increased slightly in 2009, and have remained stable since. On the other hand, the income share of
the top 10 per cent increased from 52.6 per cent in 1995 to 61.4 per cent in 2005, then declined,
reaching 53.9 per cent in 2015.

Figure 6: The evolution of top and bottom income shares (1993-2017)
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Source: authors’ illustration based on survey data.

When we use data from PSLSD and NIDS, we see a similar pattern. The income shares of the top
10 per centincreased from 55.9 per centin 1993 to 63.8 per cent in 2010, then decreased to 55.0
per cent in 2017, while the income share of the middle 40 per cent decreased from 36 per centin
1993 to 29.5 per cent in 2010. It then increased to 35.9 per cent in 2012 and remained stable
thereafter. The bottom 50 per cent’s share of income decreased from 8.1 per centin 1993 to 6.6
per cent in 2012 then increased to 9.5 per cent in 2012 and 2017.

Other studies that use household survey data to estimate top income shares also found a slight
decrease in the income share of the top 10 per cent in recent years. Using data from the
Luxembourg Income Study (LIS) database, Checchi et al. (2018) show that the income shares of
the top 10 per cent and top 5 per cent declined between 2008 and 2015, while the figure for the
bottom 50 per cent increased slightly. Similarly, according to Statistics South Africa’s inequality
report (Stats SA 2019), the top 10 per cent’s share of consumption expenditure decreased from 57
pet centin 2005/06 to 52 per centin 2014/15. However, as discussed eatlier, studies that combine
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tax and survey data find increasing top income shares and declining bottom 50 per cent income
shares (Assouad et al. 2018; Bassier and Woolard 2021). Overall, regardless of the instruments
employed to track the evolution of top income shares, the evidence is consistent in revealing that
the income share of top 10 per cent remains above 50 per cent, while individuals in the bottom 50
per cent earn less than 10 per cent. The persistently higher top income shares indicate that
economic growth has largely benefited top income earners.

4.2 Gini coefficient estimates

Figure 7 depicts Gini coefficient estimates for per capita income and consumption, while Figures
B7 and B8 (Appendix B) present the corresponding Lorenz curves. The Gini coefficient estimates
using the IES and LCS datasets show that inequality estimates based on income and consumption
data were identical in 1995, but for the rest of the years, the Gini coefficient for income inequality
became higher than the Gini coefficient for consumption inequality and had slightly different
patterns.

Based on the IES and LCS datasets, the Gini coefficient for income increased from 65.5 in 1995
to 70.3 in 2000 and 71.9 in 2005, before declining to 69.0 in 2010 and 67.4 in 2015. Similady,
consumption inequality increased between 1995 and 2005, then decreased between 2005 and 2009,
before increasing slightly in 2010 and 2015. Gini coefficient estimates based on the PSLSD and
NIDS datasets show that inequality estimates based on the income and expenditure variables are
very close, except in 1993 and 2010, when the Gini coefficient for income inequality was much
higher than that of the consumption. The level of income inequality is roughly the same in 1993
and 2008; it increased significantly in 2010, before declining in subsequent years. Consumption
inequality was lowest in 1993 but rose in 2008 and 2010, then fell in subsequent years.

Figure 7: Gini coefficient of per capita income and expenditure, IES, LCS, PSLSD, and NIDS
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When comparing inequality trends across the two datasets, some disparities emerge. While income
inequality remained roughly constant based on the 1993 PSLSD and 2008 NIDS estimates, the
IES and LCS datasets show a rise in income inequality between 1995 and 2009. Consumption
inequality, on the other hand, increased between 1993 and 2008 using the 1993 PSLSD and 2008
NIDS datasets, whereas it first increased between 1995 and 2000 then declined between 2000 and
2009 using the IES and LCS datasets.

Overall, when we examine inequality trends based on all of the surveys, we find no clear pattem
for either income or consumption inequality estimates (Figure 8). Income inequality appears to
have dropped between 1993 (PLSDS) and 1995 (IES), then increased in 2000 (IES) and 2005
(IES), then declined again in 2008 (NIDS), only marginally increasing in 2009 (LCS). The estimate
in 2010 (NIDS) shows a large spike compared with both the 2008 (NIDS) and the 2009 and 2010
(LCSs) estimates, indicating that the estimate in 2010 (NIDS) may not be credible. Except for the
2015 (LCS) estimates, which show an increasing trend compared with the 2012 (NIDS) values,
income inequality declined in 2012 and has remained close to the 2012 level since then.

Figure 8: Gini coefficient estimates, PSLSD (1993), IES (1995-2010), LCS (2009-15), and NIDS (2008-17)
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Source: authors’ illustration based on survey data.

The initial rise in income and consumption inequality based on the two datasets is consistent with
previous research that documented rising trends in income inequality during the 1990s and 2000s.
On the other hand, the stable Gini coefficient between 1993 and 2008 based on PSLSD and NIDS
data differs from previous research that used the same data source and found that the Gini
coefficient for income inequality increased between 1993 and 2008 (Hundenborn et al. 2018;
Leibbrandt et al. 2012). These studies accounted for methodological changes in the collection of
income data between the 1993 PSLSD and the 2008 NIDS data (see Appendix A). This indicates
that our estimates are affected by the data comparability problem.

The inequality trends from NIDS datasets contradict the pattern documented by Checchi et al.

(2018), whoused data from the LIS database. According to Checchiet al. (2018), income inequality
decreased between 2008 and 2010, increased in 2012, and then declined in 2015. However, they
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used a different equalization scale, and the income variable was top-coded at ten times the median
of non-equivalized income.

Although there is widespread agreement that income inequality increased in the early 1990s, the
ten-point increase in the consumption Gini coefficient estimates (based on the PSLSD and NIDS
datasets between 1993 and 2008) may reflect a measurement issue rather than an actual change in
the level of inequality. For example, the PSLSD total expenditure was calculated as current
expenditure net of taxes, excluding spending on durable goods and all forms of income tax
liabilities. As a result, total consumption measures may be underestimated, resulting in lower
estimates of consumption inequality. Similarly, the large spike in the Gini coefficient between 2008
and 2010 could be due partly to a measurement error given that there is no change in the survey
methodology. The attrition rate was higher in 2010 compared with other NIDS waves. However,
the attritionrate tends to be higher among those with higher incomes. Thus, it is not clear whether
attrition is part of the explanation for why we observed such a large gap between the 2008 and
2010 NIDS datasets.

The introduction of imputed rental values for owner-occupied dwellings in the IES, which began
in 2005, can be expected to raise income levels for individuals at the top of the distribution,
increasing income inequality. For example, Yu (2017) shows that the Gini estimate for income
decreased from 71.7 whenimputed rentalincome was included to 71.0 whenimputed rental values
were excluded. Thus, when excluding the imputed rental income, income inequality seems the
same between 2000 and 2005. However, given that the survey techniques for the 1995 and 2000
IESs were very similar (Yu 2017), it is unclear what caused an increase in both income and
expenditure inequality between 1995 and 2000. Previous studies have also documented a decline
in average householdincome levels during this period, suggesting that the decline was a real change
(Leibbrandt et al. 2005). This is possible given that economic growth had only begun to recover
during the period after a decade of negative GDP per capita growth rates and rising
unemployment.

4.3 A Comparison of the ACEIR and WIID narratives

Figure 9 illustrates the Gini estimates from the WIID Companion as well as our (ACEIRs)
estimations starting from 1993. Our calculations do not include inequality estimates from the 1996
and 2001 censuses. We use the 1995 1ES for 1996, whereas the WIID Companion uses the 1996

census.

Overall, income inequality estimates based on the original and standardized WIID data follow a
similar pattern. Likewise, with the exception of the 2000 estimates, the ACEIR and WIID
inequality estimates follow very similar patterns. Except for 1993, 2000, and 2010, ACEIR’s
income inequality estimates are lower than those published by the WIID Companion. In 1996, we
find a relativelylarge disparity between ACEIR and WIID Gini estimates, with the Gini coefficient
from the WIID Companion being 69 and the estimate from ACEIR being 65. This discrepancy
may be due to the use of different survey sources, as the ACEIR estimate is based on the 1995
IES while the WIID estimate is based on the 1996 census.
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Figure 9: Gini estimates based on WIID Companion and ACEIR estimates
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Source: authors’ own illustration based on data from UNU-WIDER (2021).

Data comparability also helps to explain the large increases in income inequality that occurred in
a single year, from 68.0in 2000 to 73.0 in 2001. The 2000 WIID estimate is based on the 2000
IES, whereas the 2001 estimate is based on the 2001 census, which collected income data using
only a single questionabout income bands. These findings suggest thatincome inequality estimates
based on census data are higher than those based on IES surveys for comparable survey years.

Overall, ignoring some of the survey years with large spikes (2001, 2005, and 2010), we can
conclude that inequality has decreased only slightly in recent years compared with values in the
early 1990s and eatly 2000s. Furthermore, WIID’s standardization procedure changed the original
inequality estimates mainly for survey years prior to 2008. Thus, despite the potential limitations
of earlier surveys for estimating income inequality, the standardization process is useful because it
allows one to evaluate income inequality trends beginning in the eatly 1960s, when representative
household surveys aimed at analysing inequality and poverty were not available.

Figure 10 depicts standardized income Gini coefficient estimates from WIID as well as top income
share estimates from WID. Between 1960 and 1987, the standardized income Gini estimates wete
obtained by raising the income Gini estimates published by Lachman and Bercuson (1992) using
the Gini coefficient values reported by Whiteford and van Seventer (2000) in 1975 and 1985.
However, the Gini estimates from Whiteford and van Seventer (2000) are based on interpersonal
inequality estimates, whereas the estimates from Lachman and Bercuson (1992) are Gini
coefficient estimates of racial inequalities.
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The two estimates show different trends in inequality between 1975 and 1987. According to
Whiteford and van Seventer (2000), the national Gini coefficient for income remained constant
between 1975 and 1991 (i.e. 0.68). Lachman and Bercuson (1992), on the other hand, found a
decreasing trend in income inequality, with the exception of rising inequality in the periods 1960—
65 and 1975-1980. Consistent with Lachman and Bercuson’s (1992) trend, the standardized Gini
coefficient from WIID was very high in the 1960s and early 1970s, ranging from 0.72 to 0.76,
before falling to 0.68 in 1975. Following an increase in 1980, the Gini estimate showed a declining
trend until the end of the 1980s. Given that racial differences were the primary contributors to
overall income inequality during this period, the overall downward trend in inequality between
1965 and 1987 is consistent with the narrowing of racial income inequalities documented during
this time period (see Leibbrandt et al. 2009).

Figure 10: Standardized income Gini coefficient estimates and top income shares
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Source: author’s illustration based on data from WID (2022) and UNU-WIDER (2021).

WIID estimates show an overall pattern of decreasing inequality during the 1970s and 1980s,
which is consistent with evidence of declining top income share during this time period (Alvaredo
and Atkinson 2022). The top 1 per cent income share increased slightly in the eatly 1960s, then
fell between 1965 and 1987, before rising again afterwards. Beginning in the early 1990s, the top
income share increased dramatically, rising from 10.1 per cent in 1990 to 20.3 per cent in 2007,
before fallingslightly during the final crises of 2008 (Figure 10). Thus, while the general downward
trend in inequality prior to the 1990sis plausible, explaining the year-to-year volatility observed
during this time period remains a challenge, regardless of whether we use the original or
standardized inequality estimates. We do not have good survey data for this period to make more
definitive (helpful) conclusions in this regard.
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5 Conclusion

Although South Africa has census data and some survey data dating back to the early 1960s,
nationally representative household surveys were not available until 1993. Databases such as the
WIID have proved extremely valuable when analysing individual living standards and inequalities
across time and across socioeconomic groups and, particularly, inlocating South Africa’s inequality
evolution in an international perspective. However, the systematic study of long-term inequality
and poverty in the South African context necessitates the use of many surveys with different
methodologies for collecting data on income and expenditure. In this research, we document such
methodology changes over time and across surveys using South African data.

We estimate income and consumption inequality using nationally representative survey data since
1993. Ourinequality estimates across time are influenced in part by methodological modifications
implemented across different surveys, making it difficult to draw definitive conclusions regarding
inequality patterns over time. The results are not comparable withinsome of the same survey series
or across surveys, with the latter being more problematic.

All of these datasets consistently measure levels of income (or expenditure) inequality that are
extremely high in an international context. They thus strongly confirm that this has been and
remains the reality of South African society. The same is true of the estimates in the WIID
Companion that this paper has reviewed.

When comparing our income inequality estimates with those obtained from the WIID
Companion, we can conclude that the pattern of inequality estimates over time are very similar,
except for two survey years. However, the magnitude of the inequality estimates based on the
WIID standardized values is higher than that of the ACEIR estimates, exceptin 2000 and 2010.
Given that our comparison with the WIID standardized data is limited to a subset of data points
collected since 1993, we cannot draw a definitive conclusion about how well the narrative from
our analysis would match the narrative from the entire WIID combination series. However,
triangulating data from previous studies that used survey data as well as tax and national account
data to better measure income and wealth inequality appears to provide a consistent narrative
about South Africa’s income and wealth inequality trends. Despite fluctuations over time, the
overall trend in post-apartheid South Africa is one of an increase in income and wealth inequality.

Overall, the levels of multidimensional inequality were very high in 1994 and remain so when
appropriately benchmarked internationally. But they declined quicky from the late 1990s through
to about 2010 and then flattened at the new lower (but still high) level. This decline in inequality
was made possible due to large expansions in access to basic services and education. This tells a
story that it is possible to intervene in the drivers of inequality but it takes a while for this impact
on income inequality. Moreover, if this is not sustained through hard economic times, income
inequality will start to rise again.

Thus, tracking trends in income and multidimensional inequality is crucial in supporting and

monitoring progress against the policy imperative to reduce South African inequality from such
stiflingly high levels.
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Appendix A

A.1 List of datasets used in the WIID and what is available

Most inequality estimates used in WIID before the early 1990s were based on Lachman and
Bercuson (1992), which cited Nel and Van Wyk (1984). Nel and Van Wyk used South African
Bureau of Market Research (BMR) data for 1975, 1980, and 1985 and IMF interpolations.
Population censuses were also used to estimate income inequality in earlier years for South Africa.
However, African households were not asked the income question in censuses conducted before
1980. In the censuses of 1980, 1985, and 1991, the former homeland areas were not represented,
excluding large sections of the black population (Treiman et al. 1996), rendering any analyses

unrepresentative of the entire South African population.

Table Al: Description of WIID data sources used for South Africa

Year No. of WIID Companion Source on income inequality Gini Survey
estimates
1960 1 yes Lachman and Bercuson 1992 Not specified
1965 4 yes (1 obs) Lachman and Bercuson 1992 Not specified
1970 1 yes Lachman and Bercuson 1992 Not specified
1975 2 yes (1 obs) Whiteford and van Seventer 2000 Census 1975
1980 1 yes Lachman and Bercuson 1992 BMR
1985 1 yes Lachman and Bercuson 1992 BMR
1987 1 yes Lachman and Bercuson 1992 Not specified
1990 1 No Web 14 June 1999 SHE (Survey of
Household
Expenditures)
1991 1 yes Whiteford and van Seventer 2000 Census 1991
1993 2 yes (both) Hundenborn et al. 2016 PSLSD
1995 1 No Web 14 June 1999 IES
1996 2 yes (both) Whiteford and van Seventer 2000 Census 1996
1997 1 No Deininger and Squire 1996 October Household
Survey (OHS)
2000 1 yes Leibbrandt, Woolard et al. 2010 IES
2001 2 yes (both) Leibbrandtetal. 2009 Census 2001
2005 2 yes (both) Leibbrandtetal., Woolard etal. 2010 IES
2008 13 yes (1 obs) Own construction based on LISP NIDS
database
2009 1 yes PovcalNet Not specified
2010 13 yes (1 obs) Own construction based on LIS NIDS
database
2011 2 No Commitment to Equity Project IES
2012 12 yes (1 obs) Own construction based on LIS NIDS
database
2015 16 yes (1 obs) Own construction based on LIS NIDS
database
2017 12 yes (1 obs) Own construction based on LIS NIDS

database

Source: authors’ construction based on UNU-WIDER (2021).
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Table A2 lists nationally representative household surveys available since 1993 for assessing
income inequality and other living standard measures. The 1993 PSLSD, 1994 OHS, and 1996
census were South Africa’s first nationally representative surveys. The OHS, done between 1994
and 1999, was split into two surveys: the General Household Survey (GHS), conducted annually
since 2002, and the Labour Force Survey (LFS), conducted between 2000 and 2007. Since 2008,
the LFS has been conducted quarterly as the Quarterly Labour Force Survey (QLES).

The GHS collected information on total household income and expenditure as a point value orin
bands. On the other hand, the population censuses of 1996, 2001 and 2011, and the 2007 and
2016 Community Surveys (CS) collected details of personal income in bands. The LFS and QLFS
primarily collected earnings data and were used to analyse earnings inequality. Among these
datasets, only the OHS from 1997, the PSLSD, and the censuses from 1996 and 2001 were utilized
to assess income inequality in the WIID.

Beginning in 2000, the WIID income inequality estimates were based on data from the IES (2000,
2005, and 2010), LCS (2009), and the NIDS collected between 2008 and 2017. Unlike most prior
surveys, which collected income data in bands and expenditure data as a single aggregate
household-level estimate, these datasets collected detailed information on income from multiple
sources and expenditure based on a detailed list of consumption items.

Table A2: Potential survey datasets for the analysis of inequality in South Africa

Surve Years available Used in Income Consumption
y WIID

PSLS 1993 Yes Exact amounts Exact amounts
D

OHS 1994-99 (annual)  Only 1997 Earnings income 1994-98; income Bands

bands in 1999

GHS Since 2002 (annual) No Earnings income Bands

LFS  Since 2000-07 No Earnings income Bands (2001, 2003, 2004)
(biannual)

QLFS Since 2008 No Earnings income No consumption
(quarterly)

Cens 1996, 2001, 2011 Yes Bands No consumption

us

IES 1995, 2000, 2005,  Yes Exact amounts and bands Exactamounts and bands
2010 (2010)

LCS 2008/09 and Yes Exact amounts Exact amounts
2014/15

NIDS 2008-17 Yes Exact amounts Exact amounts and bands

CS 2007 and 2016 No Bands No consumption

Source: authors’ construction based on Yu (2017).
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A.2 Within-country comparability of the measurements over time

In this section, we look at methodological issues affecting the comparability of income and
consumption measures across surveys. Although all of the datasets listed in Table A2 can be used
to estimate income or consumption inequality, our discussion in this section focuses primarily on
surveys that have been used to estimate income and consumption inequality in the WIID
Companion since 1993.

Comparability of IES and 1L.CS

The IESs and the LCSs are the main datasets that collect detailed information on household
expenditure and income in South Africa. Statistics South Africa conducted the IES in 1995, 2000,
2005, and 2010. The main purpose was to update and reweight the Consumer Price Index (CPI)
(Stats SA 2012a, b) and the surveys were not necessarily to measure poverty and inequality. On
the other hand, the LCSs introduced in 2008 /09 and collected again in 2014 /15 were designed to
measure multidimensional poverty (Stats SA 2017b) and collected detailed information on income,
expenditure, and other wellbeing indicators.

The questionnaire structure used to collectinformation on income for the IESs (1995, 2000, 2005,
and 2010) and the LCSs (2009 and 2015) is very similar. In general, the annual gross income of
individuals in the household was collecting using the following income categories:

salaries and wages;

net profit from business/farming;

income from letting fixed property;

royalties;

interest received and accrued on deposits, loans, and savings certificates;
dividends on shares (listed and unlisted companies);

regular receipts from pension;

other social welfare grants;

alimony, maintenance, and similar allowances received from divorced spouse, family
members, etc., living elsewhere, etc.;

10. other income.

PR AI A DD =

There are some differences in the methodologies used across the IESs that should be considered
when comparing poverty and inequality estimates over time (See Table A3). While a lot of
methodological changes can be observed for South African surveys conducted in the pre-2000
relative to those in the post-2005 period, the LCSs benefited from the questionnaire design of the
IES of 2005. The LCS of 2008/09 used the income and expenditure modules of the IES of 2005
(Stats SA 2017b). Therefore, except for a few changes in 2014 /15, the income and expenditure
modules remained largely the same between the 2009 and 2015 LCS.
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Table A3: Methodological comparisons between the IES surveys

IES 1995 IES 2000 IES 2005 IES 2010
Visits per household 1 1 6 4
Survey period Oct 1995 Oct 2000 Sept 2005 — Sept 2010 — August
(one month) (one month) Aug 2006 (one 2011 (one year)
year)
Classification of expenditure Standard Trade Standard Trade COICOP COICOP
items Classification ~ Classification (Classification of

Individual Consumption
according to Purpose)

Methodology Recall Recall Diary and recall Diary and recall
(four weekly (two weekly diaries)
diaries)
Expenditure Payment Acquisition Acquisition approach
collection Goods approach approach
method Services Payment Payment approach Paymentapproach
approach
Oown Consumption Consumption Consumption approach
production approach approach
Housing expenditure Mortgage Mortgage Imputed rent Imputed rent
payments payments
Income collection questions Regularincome Regularincome Regularincome for Total income from
for past 12 for past 12 previous month salaries/wages and/or
months months income from business
‘Other’income  ‘Other’income  Regularincome for Income bands for
for past 12 for past 12 11 months priorto  salaries/wages and/or
months months survey months income from business

Other income for

past 12 months Total income from
other sources 12
months prior to survey

Income bands (total
income from other
sources)

Income of persons not
currently household
members in 12 months
prior to survey

Annual ‘other’ income
for past 12 months

Number of respondents Maximum of five Income collected No restrictions No restrictions
used to capture income respondents from only ten
allowed to household
answerincome members
guestion
Actual amounts or Bands Actual amounts Actual amounts Actual amounts Actual amounts and
income bands
Sample size 29,582 26,263 21,144 households 25,328 households
households households (2001 census) (2001 census)

(1991 census) (1996 census)
Sources: authors’ construction based on Stats SA (2008, 2012); Yu (2017).
In 1995, only five household members responded to the IES income questions, reporting their
annual regular income and ‘other’ income (Stats SA 1995). Individual incomes were then

aggregated to get total household income. After 1995, the restriction on only using five household
members was removed. Income bands were added to the 2010 IES as a follow-up to one-shot
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income questions that had not been used in previous IESs. The introduction of the back-up
question on income bands improved the collection of income data in the 2010 IES. However,
these income band questions were not included in subsequent LCSs.

The IES captures housing expenditure differently, potentially affecting the comparability of
expenditure estimates. Inthe 1995 and 2000 IESs, mortgage payments were used as part of housing
costs for owner-occupied households (Stats SA 2008b). Homeowners reported their capital
payments and interest separately; however, the reporting on these two was not always reliable. This
was changed in 2005 when international standards were applied and rent imputations for owner-
occupied properties were used instead (Stats SA 2008b). In 2005, Stats SA used 7 per cent of the
value of the house to estimate annual rent for owner-occupied dwelling units.

Similarimputationapproaches were used for the 2010 IES, and the 2009 and 2015 LCSs. However,
while in the LCSs a single rental yield was applied across the board, in the case of the 2010 IES a
segmented approach was used in the application of rental yields. The segmentation was done by
type of housing and province, except for Limpopo and Northwest, where an average national
rental yield was used (Stats 2012a). In 2005, using the new approach for calculating housing costs
for owner-occupied dwellings, housing expenditure increased by 18 per cent and 26 per cent for
those in the first and fifth expenditure quintiles, respectively (Stats SA 2008a). While this is
expected to reduce poverty estimates over time, the impact on inequality may be ambiguous, as
expenditure increased for both the rich and the poor.

There are also significant differences in how consumption data was collected between IESs. The
IES 0f 1995 and 2000 collected expenditure data using recall methods. In 2005 and 2010, the diary
method was introduced, and both the recall and diary methods were used. There are further
differences in the time period used to keep diaries in the two years. While four weekly diaries were
used in the IES of 2005, this was reduced to two weeks’ diaries in 2010 to reduce respondent
fatigue (Stats SA 2012a). The LCSs used the same approach as the 2010 IES for collecting data on
expenditure. While the 2008/09 LCS used four weeks’ diaties, the 2014 /15 LCS used two weeks’
diaries.

The adoption of the diary technique, which can better track consumption expenditure, may have
had an ambiguous effect on estimates of income and poverty levels. When compared with 1995
and 2000, per capita expenditure increased in 2005 and 2010, particularly for those at the bottom
of the distribution (Figure B3). However, which component of expenditure changed because of
the use of the diary method is debatable. For example, using the diary method in the IESs resulted
in an underestimation of food expenses but an increase in transportation expenditure (see Yu
2016).

In addition, thete ate some differences in how undeclated income/expenditure was dealt with
across the surveys. We find no missing household-level income and expenditure values in any of
the publicly available datasets. However, there are households with zero incomes for some of the
surveys (Table A4). In most situations, itis unclear from the metadata file or the reports how many
families reported missing or zero incomes, and what steps were taken to impute for zero individual
and household incomes, if any.
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Table A4: Households with zero income and expenditure values

Year Income  Expenditure No. of

households
IES_1995 - - 29,582
IES_2000 - 34 26,263
IES_2005 7 - 21,144
LCS-2009 378 - 23,708
IES_2010 73 - 23,655
LCS_2015 47 - 21,706
Total 505 34 146,058

Source: authors’ construction based on survey data.

In the IES of 1995, if a household did not declare its total annual expenditure but provided its
total annual income, total annual income was used as a proxy for annual household expenditure
(Stats SA 1997). The same logic was applied if a household did not declare its annual income but
did provide annual expenditure. In the 2000 IES, the final income variable is a derived variable: If
the total recorded expenditure exceeded the total recorded income, or where no income was
recorded, the total income was estimated as being equal to the total expenditure.” This suggests
that if total income was missing, total expenditure was used to impute for the missing income.
Since 2005 (inthe 2005 and 2010 IES and LCSs), the imputation approach has been used to impute
for missing income where an individual reported having a source of income but did not declare
the amount. Missing income was generally approximated using average values from households
with similar characteristics. To match households, variables suchas province, settlement type, type
of dwelling unit, number of rooms, and house value were employed.

Regarding expenditure, imputations were done for missing diaties—a household had to complete
at least two weeks’ diaries and the main questionnaire to be included in the IES. Thus, households
that completed fewer than two weeks of diaries were excluded and treated as non-respondents.
Missing diaries for households with at least two or three weeks’ diaries were imputed. This was
done as follows: if a household had diary information for two weeks, a donor household was
randomly selected from a group of households with similar characteristics to donate information
for the two missing diaries. The characteristics used to match households for imputations were
province, type of area, type of dwelling, household size, expenditure patterns of the available diaty
information, and access to facilities and services. A similar approach was used in the case of the
LCS, except that households were required to complete only atleast one week’s diary to be induced
in the 2015 LLCS, and imputation was done for the missing weeks.

Another change across the IESs and LLCSs was a significant decrease in response rates following
the introduction of the diary technique. Response rates in the LCSs were aggravated further by the
length of the questionnaire, with lower response rates recorded among high-income areas (Stats
SA 2017a). In the 2014/15 LCS, for example, the response rate for Gauteng was 65.3 per cent
while the cotresponding figure for the 2008/09 LCS was 79.7 per cent.
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Comparability of PSLSD and NIDS

The NIDS is a South African nationally representative panel of individuals that provides detailed
information on living conditions and labour market status of individuals and households over time
(Brophy etal. 2018). It was conducted in 2008, 2010,2012,2014,and 2017 and in the WIID, all
waves of NIDS are used. NIDS collects information on income and expenditure using various
income and expenditure categories. Both actual amounts and bands are used to collect income
data. In addition, respondents are asked to provide total household income and expenditure as a
‘one-shot’ amount.

In general, NIDS collects income from the following categories and creates an aggregated
household total income variable:

labour market income (main job, causal jobs, self-employment etc.);

government grant (disability, child support, foster care, care dependent);

other income from government (unemployment insurance fund, worker’s compensation);
investment income (interest/dividend income, rental income, ptrivate pension and
annuities);

remittance income;

subsistence agriculture income (including value of own production);

7. imputed rent for owner-occupied housing.

el

o w

The total household income variable in NIDS collects regular monthly income and is derived from
the above income categories from three questionnaires; Adult, Proxy, and household (Brophy et
al. 2018). NIDS in all the five waves used three ways of aggregating individual-level income data
to get household total income:

1. Where all adult household resident members were successfully interviewed, household
income was derived by aggregating all income sources for all individuals in the household.

2. Where an adult respondent refused to be interviewed or was not available, the ‘one-shot’
income question was used as a measure of household income.

3. For households with partial unit non-response and where one-shot income was missing,
any income data collected from responding household resident members were used.

4. NIDS added imputed rental income from owner-occupied housing to all households,
irrespective of the method of aggregation, where appropriate.

Where respondents were unable to declare their ‘one shot’ income, bracket responses were given,
the mid-point of the bracketwas assignedif a respondent’s income fell withing the income bracket,
and individuals with income above the value of the highest bracket were assigned twice the value
of the upper bound of the top bracket, in line with the Pareto Index method of estimating income
for the upper tail (Brophy et al. 2018).

There are variations in the way NIDS captured income from subsistence agriculture. In 2008,
NIDS collected income from subsistence agriculture using the household questionnaire; however,
from 2010, income from this category was collected using the adult questionnaire and an additional
new questionwas addedin 2010. Brophy et al. (2018: 48) report that NIDS did not use agricultural
income in calculating ageregate household income in 2010. Further changes on income from
subsistence agriculture were made in 2012: apart from asking the actual rand value that accrued to
the household from the sale of agricultural produce and livestock, the income question on
subsistence agriculture was moved back to the household questionnaire (Brophy et al. 2018: 54).
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Differences also exist in the way income from bonus payments was captured across NIDS waves.
In 2008, the questionnaire asked an annual question on 13th cheques,’ profit shares, and bonus
payments in the previous 12 months, and the monthly average derived from this annual figure was
used. In 2010, the question captured the same sources of income only for a period of one month.
In 2012, 2015, and 2017, NIDS used both a monthly and annual question. Thus, with few
exceptions, income was consistently measured and imputation for missing values was also
consistent. Table A5 shows the number of households with missing and zero income and
expenditure values.

Table A5: Households with zero income and expenditure values

Zero values Missing values

year Income Expenditure Income Expenditure No. of
households

1993 34 - 178 65 8,809
2008 17 - - - 7,058
2010 - - - - 6,580
2012 - - - - 7,824
2015 - - - - 9,615
2017 - - - - 10,842
Total 51 - 178 65 50,728

Source: authors’ construction based on survey data.

The household questionnaire in NIDS asks about food and non-food spending in the previous 30
days. Households reported their expenditure on various food items, which was aggregated into a
household food expenditure value. To calculate total household expenditure, rental expenditure
and imputed income from owner-occupied dwellings were added to total food and non-food
household expenditure. Imputed rental income from owner-occupied housing was added to both
income and expenditure (Brophy et al. 2018).

There are also some comparability issues between the 1993 PSLSD survey and the NIDS datasets.
The questions used to measure income in the 1993 PSLSD survey and the 2008 NIDS differ only
slightly (see Leibbrandtet al. 2010). Individual-level income was obtained from all adult household
members in the 2008 and later NIDS waves, whereas in the 1993 survey, one respondent per
household answered the income and other questions in the survey. Furthermore, there were
changesin how agriculturalincome and imputed rent were captured in the 1993 PSLSD and NIDS
datasets. As a result, research that used these datasets to examine changes in inequality exclude
farm income and imputed rent values over all survey years (Hundenborn et al. 2018). In addition,
total expenditure in PSLSD was calculated as current expenditure net of taxes, excluding
investment in durables and all forms of income tax liabilities (PSLSD 1994).

> A bonus paid to employees on top of their salary, usually in December.
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Comparability of other surveys

We briefly discuss the comparability of other datasets utilized in South Africa to analyse income
poverty and inequality. The OHS and GHS, among other data sources, were utilized to estimate
poverty levels in South Affrica. In the WIID data only the 1997 OHS was used, while the WIID
Companion used neither. Both types of survey collected information on income and expenditure.
Because the OHS and GHS were gathered annually, these datasets are more frequent than the IES
or LCS. In both the OHS and the GHS, respondents were asked to provide point estimates for
income; however, expenditure data were collected in bands. When respondents were unable to
provided point estimates, income bands were used to collect income.

South African population censuses and CS have also been used to analyse income poverty and
inequality in South Africa. However, these datasets collect data on income but not on
expenditure/consumption. Only the 1996 and 2001 censuses were used in the WIID Companion
for income inequality estimation. One of the key limitations of the income data in the censuses is
thatincome was collected only using income bands, not actual income values, and income brackets
are not consistent over time. While the 1996 census used 14 income bands (including zero income)
to collect monthly personal income and the upper limit was set at ZAR30,001 or more, the 2001
census used 12 bands, and the upper limit was set at ZAR204,801 or more. Thus, the derived
household incomes have a different number of bands and band width (see Table A6). Both annual
and monthly income categories were used to collect individual-level income in the 2001 census. In
2011, both personal and household annual incomes were collected using the same number of
bands and band width as those in the 2001 census. Individual-level income was used to obtain
household total income, which can be used to calculate per capita income for the purpose of
welfare analysis. Thus, the derived household total income variable is an aggregation of all
individual incomes of household members and other additional income, including remittances
(Stats SA 1996, 2001, 2011b). Table A6 shows the income brackets for derived household income
available in the publicly released data in the three censuses.

The population censuses asked for personal income in different ways over the years. The 1996
income question seems more comprehensive than the questions in 2001 and 2011. Two follow-
up questions were also added in 1996 that asked about any ‘additional money’ in the household as
well as remittances or alimony. These were removed in 2001 and 2011. The 2007 and 2016 CS
followed a similar approach to that used in the 2001 and 2011 censuses.

Another issue with the use of census data is that large number of households report zero income
(Ardington et al. 2006; Yu 2016). For example, Yu (2016) shows that 13 per cent, 21 per cent, and
15.1 per cent of households reported zero income in the 1996, 2001, and 2011 censuses,
respectively. Stat SA used differentimputation methods for zero and missing income values across
the censuses. In both 1996 and 2001, if households reported zero income, no adjustment was
made. In 1996, in deriving household income from individual-level income, if income was missing
for at least one household member aged 15 and above, derived household income was set to
‘missing’.
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Table A6: Derived household annual income categories

1996

Annual household income
None

ZAR1-2,400
ZAR2,401-6,000
ZAR6,001-12,000
ZAR12,001-18,000
ZAR18,001-30,000
ZAR30,001-42,000
ZAR42,001-54,000
ZAR54,001-72,000
ZAR72,001-96,000
ZAR96,001-132,000
ZAR132,001-192,000
ZAR192,001-360,000
ZAR360,001+

Unspecified

Sources: authors’ construction based on Stats SA (1996, 2001, 2011b).

2001

Annual household income
No income

ZAR1-4,800
ZAR4,801-9,600
ZAR9,601-19,200
ZAR19,201-38,400
ZAR38,401-76,800
ZAR76,801-153,600
ZAR153,601-307,200
ZAR307,201-614,400
ZAR614,401-1,228,800
ZAR1,228,801-2,457,600
ZAR2,457,601+

Not applicable (institutions)

30

2011

Annual household income
No income

ZAR1-4,800
ZAR4,801-9,600
ZAR9,601-19,200
ZAR19,201-38,400
ZAR38,401-76,800
ZAR76,801-153,600
ZAR153,601-307,200
ZAR307,201-614,400
ZAR614,401-1,228,800
ZAR1,228,801-2,457,600
ZAR2,457,601+

Unspecified



Appendix B

Figure B1: Kernel density of per capita income and expenditure, IES (1995-2010) and LCS (2009 and 2015)
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Source: authors’ illustration based on survey data.
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Figure B2: Kernel density of per capita income by year, IES (1995-2010) and LCS (2009 and 2015)
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Source: authors’ illustration based on survey data.

Figure B3: Kernel density of per capita expenditure by year, IES (1995-2010) and LCS (2009 and 2015)
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Source: authors’ illustration based on survey data.
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Figure B4: Kernel density of per capita income and expenditure, PSLSD (1993) and NIDS (2008-17)
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Source: authors’ illustration based on survey data.
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Figure B5: Kernel density of per capita income by year, PSLSD (1993) and NIDS (2008-17)
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Source: authors’ illustration based on survey data.
Figure B6: Kernel density of per capita expenditure by year, PSLSD (1993) and NIDS (2008-17)
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Source: authors’ illustration based on survey data.
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Figure B7: Lorenz curves of per capita income and expenditure, IES (1995-2010) and LCS (2009 and 2015)
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Figure B8: Lorenz curves of per capita income and expenditure, PSLSDS (1993) and NIDS (2008-17)
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Source: authors’ illustration based on survey data.
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